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regulation.
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» Developed a round-attack game framework to

initiate attacks on smart inverters causing severe

detecting the impacting the voltage violations for the distribution network.
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Y e classtfication » Generated samples of normal and attacked Volt -
using AutoML.

g p— accuracy with \ s Var curves and utilized tuned AutoML and ViT for

gﬁjﬁﬁﬁ d minimum detection, achieving precision rate of 97-99%.
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» Attacker will consider
this information before

settings manipulations.
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all patterns of normal testbed for real-time power system simulations.
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